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[ Abstract | Ultrasound imaging is the main tool for early diagnosis of breast cancer. However, traditional ultrasound imaging
still has some limits, and radiomics is the important supplement for the ultrasound imaging. It could capture more information from
images by extracting high-throughput image features and help doctors increase the accuracy in differential diagnosis of tumors. In the
research of breast cancer subtypes, radiomics also has the optimistic predictive value and exciting results. Moreover, in the research
of standardization and multicenter verification, some efforts have been carried out continuously. This paper reviewed the recent
advances of radiomics in breast ultrasound imaging.
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